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1. CONTENTS

(1) RESEARCH OBJECTIVES

his study aims to predict housing prices through regional characteristics through
the machine learning model and apply the XAI methodology to infer the relationship
between independent and dependent variables used in the model.

(2) RESEARCH METHOD

The Linear Regression, XGBoost in the boosting model, RandomForest in the
bagging model, and the SHAP model in the XAI model were used.

(3) RESEARCH FINDINGS

The application results for the linear regression, XGBoost, and RandomForest
models were compared through MSE, MAP, and RMSE, and the model application
result showed the highest accuracy of the random forest model. In addition, the

importance of variables was high in similar variables in both XGBoost and
RandomForest,
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2. RESULTS
The variables that have a positive effect on apartment sales prices are the proportion
of the high—income population, rental income, number of apartments, detached
houses, commercial districts, bus stops, commercial workers, proportion of

male/female workers.

3. KEY WORDS
XAI, SHAP, Boosting, Bagging, XGBoost, RandomForest
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